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arket researchers generally, and survey
experts specifically, study consumers to
learn about their behavior: What are con-
sumers’ opinions, attitudes, thoughts, and
actions at the various stages of the buy-

ing process? Especially in litigation cases, these and other
product purchase-related questions arise in the context of mat-
ters related to topics such as intellectual property, trademark
infringement, false advertising, and antitrust and competition.
Carefully crafted surveys are a powerful tool for assessing con-
sumer behavior, preferences, and purchase intent, especially if
real-life observations or purchase data are not readily available.

Assessing Consumer Purchase Intent

In many cases, in contrast to asking consumers what they think
of a product, we may want to know whether they are actu-

ally willing to put money on the table and make a purchase.

A frequently posed question in litigations involving consumer
behavior asks whether or not consumers will purchase a good
or service in the but-for world, i.e., a world that has never been
observed, and which describes what would have happened in

a difference circumstance. Such questions explore consumers’
“purchase intent” using purchase probability scales, such as the
Juster scale discussed later in this article.

Marketing, economics, and public opinion researchers have
adapted scaling theories and methods from the fields of psy-
chometrics and statistics. All these disciplines share a mode of
observation: collecting and analyzing human responses elic-
ited through interviews and/or self-administered surveys, in
which scales are often used. Scales are not novel concepts to
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consumers, as we encounter them in everyday life. For exam-
ple, in many brick and mortar stores, restaurants, and other
service venues, consumers have the opportunity to rate their
experience on a scale from one to five. Some scales we may
use regularly, and almost unbeknownst to us—we provide rat-
ings for ride services, online shopping experiences, or shows
broadcasted through online streaming services.

Scales are also frequently used in market research. For
example, surveys often rely on purchase intent scales to
determine whether or not consumers are inclined to buy a
product or service. While it may be tempting to ask directly
whether a respondent expects to buy a product during the
next six months, research has shown that these types of direct
questions are limited in their reliability.! Instead, survey
experts have developed methods to elicit a probability-based
measure of purchase intent, or “purchase probability scales.”

Purchase probability scales can be used to answer a variety of
question types. Does a certain advertising message make consum-
ers more likely to purchase the product? How does the presence
of a particular trademark affect consumers’ choices? How would
consumers react to potentially different prices or to product or
service options after a merger of two companies? Do consumers
consider fewer products, and are their choices ultimately affected?

In an ideal world, we would be able to answer these ques-
tions by following consumers in real life as they make decisions
and purchases, or track their purchases across various databases.
However, these data are not always readily available, or are impos-
sible to track in the case of products that are described in a but-for
world. In such situations, purchase probability scales in carefully
crafted surveys are a proven method for assessing purchase intent.
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Criteria Nature of Error

Typical Statistical Indicators of the Quality of Measurement Scales

Reliability Random Measurement Error

Association between scores when method is replicated
under maximally similar conditions.

Construct Validity | Systematic Measurement Error

Association between different measures of same construct as compared
to agreement between different construct measured in same way.

Predictive Validity Change in True Intention

Association between intentions measured at time t and
purchase behavior occurring in the interval t + d.

Table 1

What Are Purchase Probability Scales?

In a basic form, purchase intent questions attempt to mea-
sure whether consumers intend to acquire a good or service
by asking directly about “intent,” “expectations,” or “plans.”
However, respondents may not have 100 percent certainty
about their intentions, expectations, or plans; alternatively,
respondents might have no plans to buy a certain product, but
can still acknowledge that there is some probability that given
future circumstances they could buy that product. As such,
while categorizations of purchase intent are appropriate mea-
sures in some situations, numerous studies have demonstrated
that the purchase probability framing can achieve greater pre-
cision and reliability.?

Purchase probability scales are designed to frame purchase
intention as the chance or likelihood that a purchase will
occur, rather than as only categorizations of purchase intent.
For example, if the respondent expresses a 10 percent pur-
chase probability on a slider scale, we can conclude that the
consumer is telling us that the chance the consumer will make
the purchase comes close to 10 percent (one in 10). Indeed, if
all consumers felt this way, and they accurately gauged their
purchase intentions, roughly 10 percent of consumers would
purchase. This type of question asks consumers to estimate
the chance of their own future behavior.?

Purchase probability scales arose as an additional level
of sophistication to purchase intent measures, consistently
achieving higher correlation with future behavior (i.e.,
whether consumers actually buy or do not buy a product or
service) than simpler categorizations of purchase intent.*
Purchase probability scales have been widely utilized in con-
sumer research.” Among purchase probability scales, one has
been demonstrated repeatedly as one of the most reliable and
accurate predictors of future consumer behavior: the 11-point
Juster scale.

The Juster Scale

The Juster scale was developed as a way to measure pur-
chase intent with increased precision and reliability. The scale
as proposed and tested by Juster in his 1966 seminal paper

is as follows, including numerical, textual, and probabilistic
descriptions®:

10 Certain, practically certain (99 in 100)
9 Almost sure (9in 10)
8 Very probable (81in 10)
7 Probable (7in 10)
6 Good possibility (61in 10)
5 Fairly good possibility (51in 10)
4 Fair possibility (41in 10)
3 Some possibility (31in 10)
2 Slight possibility (21in 10)
1 Very slight possibility (1in 10)
0 No chance, almost no chance (1 in 100)

Of note, in designing the text of the scale, Juster first
tested a similar 11-point scale with phrasing centered around
the midpoint as “About even chance (50-50),” demonstrating
that this phrasing yielded an artificial peak at the midpoint.
In further testing, Juster’s solution was the above language
where each phrase has similar “visibility” to respondents.’

Reliability and Validity of Purchase Probability Scales
Generally, when researchers evaluate measures such as
purchase probability scales, they focus on three criteria: reli-
ability, construct validity, and predictive validity (see tbl. 1).
Since Juster’s seminal paper, the reliability of purchase prob-
ability scales has been carefully studied.® It is one of the most
used and verified market research scales.

Evaluated repeatedly under the psychometric criteria of reli-
ability, construct validity, and predictive validity, the Juster scale
has been found to be effective and reliable in both face-to-face
interviews and self-completion surveys, such as Internet sur-
vey instruments, and for forecasting time periods ranging from
three months to a year.” While the Juster scale may not be a per-
fect predictor of behavior in each and every situation, it has been
effectively applied in numerous scenarios, including durables,
fast-moving consumer goods, and services, such as renewal and
churning of professional football season tickets'® and customer
defection in personal retail banking.'" Researchers have carefully
documented when the Juster scale predicts well and when pre-
dictions need adjustment. For example, scenarios which benefit
from applying an adjustment factor to Juster scale-based mea-
surements include the case of unfamiliar products, extremely
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Correlation between Purchase Intent
and Subsequent Behavior

Coefficient ‘

p-Value ‘

Higher f isti ducts than f
Product Type (New vs. Existing) 0.3733 0.0284 'gher for exIsting products than for
new products.
Product Type (Nondurable vs. Durable) 0.4537 0.0494 Higher for durables than for nondurables.
Product Level (Specific Brands or Product Higher for specific brands or product models
-0.9579 0.0039 .
Models vs. Category) than for broader categories.
Higher for shorter time hori than f
Time between Intent and Behavior 0.5552 0.0368 igheriior sharier time horfzons than for
longer time horizons.

Table 2
long time horizons between stated purchase intentions and actual
purchases, or broad product categories that require more precise
definitions or reference to specific brands to improve the reliabil-
ity and predictive validity of purchase intention measurements.'?
In evaluating the circumstances under which the Juster scale
performs best, researchers analyzed data from 40 studies con-
ducted independently, in which data on both purchase intentions
and subsequent purchase behavior had been collected. The studies
differed widely with respect to nature of the products studied (new
vs. existing, durable vs. nondurable, specific brand or model vs.
product category) and the length of time interval between when
purchase intentions were measured and when purchasing behav-
ior was observed. The researchers reported a regression analysis
indicating how the relationship between purchase intentions and
purchase behavior (i.e., predictive validity) varied according to the
type of purchase behavior and the length of the time horizon.
Table 2 is adapted from the aforementioned meta-analysis
of purchase intent studies and summarizes the best-performing
combination of characteristics for which purchase intentions are
highly correlated with subsequent behavior—in other words,
to what extent each specific factor drives this correlation.'® The
p-values for these factors are below the standard threshold for
statistical significance (p < 0.05), indicating that each of the fac-
tors described is associated with increased correlation between
the purchase intent measure and subsequent purchase behavior.
Despite this published, long-term track record of the Juster
scale’s reliability and predictive validity, in the recent case
United States v. AT&T, Inc., the U.S. District Court for the
District of Columbia focused on alleged shortcomings of the
application of that scale but made no reference to the body of
evidence addressing those concerns and serving to affirm the
reliance on the Juster scale.'* The defendants and ultimately
the judge were concerned with (1) consumers’ alleged lack of
experience with a blackout on TV that would affect consumers’
purchase intent statements regarding a switch to a competing
TV provider that would not suffer from blackouts;" and (2)
consumers’ not understanding the descriptions on the Juster
scale that express their perceived purchase likelihood.'®
Of note, the court did not weigh these concerns against
arguments for the reliability of the Juster scale. For example,
the court’s first concern pertaining to consumers’ lack of expe-
rience with blackouts does not reflect the pervasive messaging
from TV providers who blame failed negotiations for an evi-
dently black screen on channels for which a carriage agreement
had not been reached.!” Similarly, the concern that consumers
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may not understand the likelihood expressions shown to them
by the Juster scale was tied to consumers’ potentially distorted
understanding of likelihoods for rare, dangerous events such
as car accidents.'® However, the reliability of consumers’ state-
ments of their purchase likelihoods has been established on
numerous occasions. It is misleading to connect them to the
difficulty of estimating the likelihood of rare events such as car
accidents, house fires, or robberies.!* For purchase intention
probabilities, 60 years of practice and academic research has
assured that consumers understand the verbal descriptions and
that the verbal descriptions are good indicators of probabilities
(albeit applying an adjustment factor when necessary).

In contrast to the rather skeptical and selective consideration
of the Juster scale’s application in AT&T, courts have relied on
purchase intent surveys in intellectual property cases such as
Harolds Stores, Inc. v. Dillard Department Stores, Inc.*® and
Doctor’s Associates, Inc. v. QIP Holder LLC.*' Because pur-
chase probability scales combine reliability and predictive
validity with (relative) ease of implementation, they are poised
to remain one of the main tools to measure how advertisement
claims, product features, missing disclosures, or (anti-)compet-
itive arrangements affect consumer behavior.

Conclusion

Ultimately, well-implemented purchase probability scales have a
proven track record in market research and in academia, and are
a well-vetted solution for surveys that seek to examine consumer
purchase behavior. m
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